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1.
Introduction

To date the primary focus of the Basel reform process has been the corporate banking book and the application of an internal ratings based approach to the assessment of capital adequacy in that environment. Both the EBF and ISDA strongly support the development of an Internal Ratings Based (IRB) approach and for both it was a central plank of their response to the June 1999 BCBS Consultation Paper “ A New Capital Adequacy Framework”.  

The IRB approach requires banks to assign risk grades, that approximate probability of default, to exposures. Capital requirements are then, at a minimum, a function of the probability of default adjusted by loss given default (LGD) and exposure at default (EAD), as well as some implicit level of portfolio diversification. Other risk drivers, such as maturity, might also be taken into consideration. To operate the IRB approach in its most basic form banks need only contribute a measure of PD whilst the value of LGD and EAD is given (“foundation” IRB approach). At a more advanced level, some more sophisticated banks will be allowed to calculate their own values for LGD and EAD based upon internal methodology and data (“advanced” IRB approach). A primary determinant of progress within the general framework will be an ability on the part of the bank in question to demonstrate the required depth of data.

The purpose of this paper is to explore how that approach might be applied to retail portfolios. In particular whether there is any requirement for a differentiated approach due to the different structure of retail portfolios and to some degree any differences in risk management practice.

To enable that assessment EBF/ISDA undertook an industry survey (see Annex 1) to acquire a good understanding of the input, output and workings of the retail credit risk management process.

The survey, and therefore this report, are concerned with allocation of economic capital rather than considerations of provisioning policy. 

The survey is based upon the response of 14 major financial institutions, from 6 countries, all with substantial retail portfolios.

· ABN Amro

· Abbey National

· Allied Irish Bank
· Barclays Bank

· Bank One 

· Chase Manhattan

· Citigroup

· Credit Suisse

· Deutsche Bank

· Halifax plc

· HSBC

· Lloyds TSB Group

· Royal Bank of Scotland Group

· UBS

2. Definition

2.1 Portfolio definition 

It is generally accepted that the factors which distinguish a retail portfolio are that it is volume driven and that, so far as risk rating is concerned, it is the portfolio which is rated rather than individual customers or exposures within it. 

The first objective of the study was to establish whether there was a common basis on which an objective and consistent definition of what a retail portfolio is could be founded.  A substantial level of consensus was observed.  

Table 1. What factors should drive any definition of retail portfolio?

Factor
Nomination

Homogenous product group
10


Exposure to individuals (see below)
10

No exposure exceeds given proportion of portfolio total
5

Absolute limit per exposure
3 

Minimum number of exposures 

Purpose monies borrowed for

Few externally rated counterparties
1

A recommendation can be made that the definition of retail portfolio should be driven by the following primary factors, as follows:

· Type of product – standardised product offer.

· Granularity – no exposure exceeds a given proportion of the portfolio total 
Although the great majority of customers in a retail portfolio will be individuals, a number of banks noted that on the basis of these factors some small business portfolios should be included within the scope of any retail treatment, for example sole traders, small partnerships or even limited companies where the proprietor and manager is still an individual. These could be defined as micro businesses which had similar characteristics as individuals and which used standardised products.

2.2 Sub-portfolio differentiation 

None of the survey respondents treated the retail portfolio as a single product group. All reported further divisions. Those divisions are reflected in the general, and risk management, structure of the firm. At a lower level it is common for loss forecasting, analysis, validation and data collection to be structured along these lines.

Table 2. What portfolio differentiation is applied by your bank?

Sub-portfolio
Nomination

Mortgages
13

Credit Cards (not for payment)
12

Consumer/personal lending
7

Auto loans
6

Overdrafts
5 

Other unsecured
5

Other secured
5

Current accounts
3

Instalment lending
2 

SME
2

Home equity loans

Leasing

Revolving consumer loans
1

The clarity of this message is obscured by a number of factors. First, a number of banks explicitly base portfolio categorisation on the secured / unsecured distinction. Less easy to represent are the firms that overlaid this distinction across the various product portfolios. Secondly there was varying practice in the categorisation of overdrafts and cards, each on occasion sitting under the other.

That said it would seem possible on the basis of the responses received to suggest for the foundation IRB approach a sub-portfolio differentiation as follows:

· Mortgages

· Credit cards

· Other secured (security can include both financial and non-financial assets, as well as guarantees (state or private) and life policies)

· Other unsecured 
This structure captures the major product classes across banks in a manner that combines current practice and seems broadly consistent with risk-based differentiation (see 3.5).

3. Loss forecasting methodology

3.1 Background

Risk assessment technique and methodology as they are applied to retail portfolios are well advanced, although in form different to those applied to corporate exposures. This difference is the product of two key environmental factors:

· Volume business. Retail banking is a volume driven business and the judgemental assessment of exposures on a case-by-case basis has proven to be not effective in either risk or cost terms. 

· Data. The data environment for retail portfolio is very rich relative to the corporate book. The number of exposures is much greater, the product form is more standardised and the characteristics of individual exposures have been collected over a period of time. Critically, this means more defaults on which to base statistical modelling of potential losses.

The factors highlighted above have also enabled the development, and early application, of a range of retail loss forecasting methodologies, which have, irrespective of type, a tendency toward objective statistical analysis based upon existing internal loss data. 

In advance of the EBF/ISDA study there was an expectation that these factors would and should have considerable consequence for the retail regulatory capital regime. Overall the study confirms that this is an environment that lends itself well to the estimation of the necessary inputs to an IRB approach. It also confirms that to be consistent with industry practice.  The IRB approach will need to be applied on a differentiated basis to retail portfolios. This section will review the main components of the IRB approach, as developed for the corporate book, and discuss their applicability to retail portfolios.

3.2 Data availability

Most banks in this survey have data going back over many years. In general PD and LGD data goes back between 5 and 10 years, depending on product with the exception of one respondent whose data for credit cards only goes back 3 years. 

Table 3: The ranges by product for LGD were:

Product
Historical data availability

Mortgage
6-10 years

Credit cards (not for payment)
3-10 years

Other retail
5-10 years

Data availability for PD is similar, although two banks have PD data going back to 1987/88.

3.3 Loss concept

For corporate exposures the dis-aggregation of the component factors of credit risk is relatively common and this is reflected in the structure of the IRB approach. It was anticipated that retail banks are much less likely to decompose the elements of risk and instead manage and measure on the basis of aggregate EL. This assumption was not borne out by the results of the survey as shown below.

Table 4. On what loss concept is internal loss forecasting based?

Concept
Nomination

EL = PD*LGD*EAD
11

EL
1

Delinquency
2

Across the sample and within individual banks the full range of loss concepts (PD, EL, delinquency) is applied to different portfolios. However, a calculation of EL based upon the separate measures of PD, LGD and EAD is clearly the norm amongst this sample. Having said this, it should be recognised that this is a special sample of relatively sophisticated banks. Looking across to the wider banking population, the option of an EL calibrated approach should be seriously considered.

In many banks, the various measures are calibrated to a one-year horizon. Where for certain products banks forecast losses over a longer time period, they nevertheless annualise the results for economic capital and provisioning purposes.

Finally banks were requested to submit their definitions of default. Commonly these varied across portfolios and across banks. There was, however, general convergence around 2 months or 60 days past due and 3 months or 90 days past due .

Although the depth of data makes this difficult to confirm there seemed to be a trend toward an early default point for unsecured business and a later default point for secured lending. A number of institutions also used variable definitions including variations of entry in recovery / provisions made.

In summary a significant number of institutions are moving towards dis-aggregating PD/LGD/EAD at a one year horizon as the basis for producing EL measures for retail portfolios.

3.4 Loss forecasting 
This next section deals with the loss forecasting methodology applied by the sample banks across their portfolio. The first general conclusion that can be made is that there is no standard approach but rather standard approaches. There is no clearly pre-eminent approach to loss forecasting for retail portfolio although there is constant reference to a fairly standardised tool set. That tool set includes historical loss averages; application score; behaviour score, Markov matrix and roll rates. Historic loss averages speak for themselves, but it may be helpful to describe other tools:

Application score

This is a generic term describing a decision process used for a number of functions within the financial services industry. It generally involves the collection of information about the applicant(s) from a range of sources, which is then assessed through a series of rules and one or more scorecards to determine if the applicant meets a range of criteria for the product, and to determine whether the level of risk (of default however defined) is acceptable.  The scorecard is derived from a well-established statistical modelling process, which is based on the known outcomes of historical accounts over a period of time.  

Behaviour Score

On an ongoing basis, the behaviour of accounts is assessed, to determine the current risk profile. In order to assess the level of risk, factors such as age of account, turnover, excesses and stability are considered. The performance data is often supplemented with credit bureau data. 

Markov Methods

Markov methodologies utilise information about the past behaviour of a system to predict future behaviour. Markov analysis is a stochastic technique used to study the evolution of systems in which there is a probabilistic movement from one state to another over repeated periods. Given knowledge of the current allocation between states (for example, accounts in arrears), the Markov method uses transition probabilities to simulate future movements between categories over the required time horizon.

To develop a true Markov model, the states will be defined in such a way as to ensure that the probability of transition from any one state to another state remains constant over time. To achieve this property, the state definitions will normally ensure that all accounts in any given state have very similar characteristics.

Roll-rate Methods

Roll-rate methodologies are similar to the Markov approach although they tend to employ simplified assumptions. Some intermediate transitions are dispensed with and forecasts are based on the assumption that accounts will pass through progressively worse stages of delinquency until default. Within roll-rate models, states may well be less fully defined and will cover a broader category of accounts. As such, the probability of transition from one state to another will vary more widely between accounts, within a state, and over different observation windows.

Amongst the approaches described above, roll rates and scoring are clearly primary, but their application in detail across banks and across portfolio differs considerably and it is important to recognise that historical loss is the most frequently used methodology particularly for fairly stable long established portfolios. The most common approaches are as follows:

Table 5: Loss forecasting methodology

Bank
Historical loss
Roll rate
Application score
Behaviour score
Markov matrix
Other

1
*






2

*



Manual adjustment

3


*
*



4
*
*
*
*
*


5
*
*
*
*

Transition matrix

6
*






7



*



8
*
*
*
*
*


9
*

*


Trend analysis

10
*


*



11


*


Trend analysis

12
*






13
*
*



Vintage analysis

14
*
*

*

Customised scores

It is very common for these tools to be used in combination. 

Most firms also reported that an adjustment was made on the basis of macro economic expectations, primarily to ensure that economic capital reflects realistic risk forecasts rather than to stress-test models against a recession scenario.  Most forecasting methodologies are based upon current data (previous 12-24 months). This data is obviously founded on the prevailing macro-economic conditions. As loss rates are sensitive to changes in economic fortune this is a factor that the majority of the survey banks reported taking into account. For most, the adjustment process is in essence judgemental but based upon consideration of core data variables such as projected interest rates and property price index. A number of firms reported the development and application of macro-economic models.

Finally it is worth noting that all the reported loss forecasting techniques are very well integrated into the business process and that most approaches are based upon substantial internal data. 

3.5 Loss given default 

In contrast to the variety of approach taken in the calculation of EL or PD there was much more convergence in methodology for the calculation of loss given default. In essence, all reported techniques were a variation upon a single theme - average historical LGD rates segmented on the basis of country, major product classes or in some instances rating class. Most of the estimates are calculated at a portfolio level. Several firms utilise stress data, for example from recession low point. 

From the data collected, it appeared that average LGD rates for the main product groupings were:

Mortgages


20%

Credit cards


64%

Other retail


76%

3.6
Exposure at default

This is calculated by means of observed historical averages, supplemented by expert opinion. In general, these estimates are segmented by major portfolio or product. 

Table 6: Calculation of EAD

Methodology
Nomination

Historical experience
5

Current drawn amount drawn only, assume instant termination
3

Conversion factor based on variously: score, % total drawn, age.
4

Judgement
3

Some banks are beginning to vary assumptions by behaviour score or the equivalent of an obligor rating. This approach is adopted by three of the survey participants. The Parameters used are: country, product, client type, rating category. Generally no appreciation of any correlation between PD and LGD is made. This was recognised as an area requiring further work.

4. Validation of loss forecasting

Retail portfolio models need to be validated to demonstrate their continuing fit with reality, using numeric data and techniques that are widely accepted. Validation is an ongoing process.  Across the sample of responding banks, the primary means of validation is a regular comparison of expected against actual loss. This applies to both the quantum of loss and also the level of recovery and exposure at default though due to the extended recovery period a number of banks reported a lag effect in respect of LGD data.

As all methodologies are based upon internal historical data there is an ongoing validation and recalibration process built into nearly every loss forecasting methodology through the continual update of data entering the loss forecasting process. In addition, most banks in this survey reported that they had formal validation processes in place. These processes operate at a general level on an annual basis and, on a technical level, more frequently. 

The frequency of review varied by bank and by portfolio but ranged between monthly and quarterly. Additional review and validation may be undertaken whenever it is deemed necessary, for instance in the event of a sudden change in macroeconomic conditions.

A variety of methodologies is used; for instance,  scorecard performance is monitored against predicted to enable review of the choice of parameters by means of well-known statistical techniques such as discriminant analysis. Samples of data are used to compare actuals against forecast assumptions. Banks in the survey are also members of private benchmarking groups, which enables them to compare forecasts with those of the peer group. The identification of any significant mis-alignment results in a re-calibration of the methodology or supporting parameters.

5. Economic capital
5.1 Main assumptions :

Respondents were requested to submit economic capital percentages against either default probability buckets or expected loss buckets. Views were mixed as to which parameter, of PD or EL, should serve as a basis for setting a capital charge :

· A number of respondents regarded EL as the only truly comparable measure of risk across banks, as it was, in particular, independent of the definition of default used. It was also believed that small institutions might not disentangle PD and LGD in their economic capital calculations.

· Other institutions viewed PD as more appropriate, considering that :

(
Large banks, and certainly all (but one) respondents, model default probability and loss given default independently
;

( 
Credit risk mitigation techniques often differ in their impact on PD and LGD. Merging the two parameters into one single EL measure for regulatory purposes might restrict the scope for capital relief.
A choice was eventually made in favour of PD, particularly since the framework outlined by the Models Task Force (foundation and advanced IRB) postulates a separation between default probability and loss given default.

The banks’ economic capital percentages were calculated assuming :

( 
100% Loss Given Default and Exposure at Default; 


( 
99.5th percentile loss measures;


( 
One year modelling horizon;


( 
Maturity was not retained as a risk driver (see section 6 below).

5.2 Results :

Seven institutions submitted responses, for a total of 20 different portfolios. The data shows a fair degree of consistency. No specific product or country effect is notable. 

Averaging across respondents leaves the following vector of economic capital percentages :

PD buckets
Economic capital

(yearly PD)


0.00 >= 0.025
0.27%

0.025 >= 0.035
0.35%

0.035 >= 0.045
0.51%

0.045>= 0.055
0.59%

0.055 >= 0.065
0.69%

0.065 >= 0.085
0.81%

0.085 >= 0.115
0.94%

0.115  >= 0.165
1.20%

0.165 >= 0.255
1.43%

0.255 >= 0.405
1.80%

0.405 >= 0.635
2.18%

0.635 >= 0.915
2.64%

0.915 >= 1.335
2.98%

1.335 >= 1.945
3.50%

1.945 >= 3.875
4.57%

3.875  >= 4.5
5.70%

4.5 >= 5.5
6.44%

5.5 >= 6.5
7.37%

6.5 >= 7.705
8.11%

7.705 >= 9
8.99%

9 >= 11
10.18%

11 >= 13
11.68%

13 >= 14.995
12.94%

14.995 >= 17
14.26%

17 >= 20
16.00%

> 20
17.09%

(The default probability buckets are consistent with those retained by ISDA
 in its index matrix of credit risk capital for corporate assets. More granularity has been added below investment grade to reflect the higher average PD generally observed in retail portfolios)

These figures are substantially lower than those derived by banks for corporate assets, reflecting the greater degree of diversification attained in retail portfolios. Comparing the percentages above with those calculated for corporate assets by ISDA using the same set of assumptions, one can see that for a BB equivalent asset (retail asset of average quality), the retail figure is about half the corporate figure. This finding is consistent with the proposal by EBF
 to apply a 50% haircut on the corporate capital charge to arrive at a suitable requirement for retail assets. The proposed risk weight for assets of an expected loss broadly equal to 1% was 35% in the EBF proposals. Assuming that an 8% solvency ratio continues to apply, this would translate into a capital requirement of 2.8%, comparable to the 2.98% figure in the vector above. 
Figure 1 below shows one example of how the vector might be used as part of the regulatory framework (in the specific instance, under the advanced IRB approach) :
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Figure 1: Regulatory Capital for Asset XX
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6. Retail Credit Risk Models
6.1 General description of models used 

(
 Categorisation of respondents :

Respondents may be categorised in one of three groups (see annex 2 for a detailed description of the models used) :

a-Those financial institutions with no retail portfolio model (3 out of 13). These are striving to put in place new, up-to-date scoring systems, placing immediate emphasis on internal ratings, rather than portfolio modelling. These banks expect to have some form of portfolio modelling system in place in the longer run; some are already looking into the various options available from vendors/ consultants. 

b- Those financial institutions using descriptive (i.e. non causal) models (9 out of 13). 

Seven institutions calculate economic capital as a multiple of portfolio loss standard deviation. The multiplier (between 5 and 9) is a function of the confidence interval aimed at on the loss distribution (between 99.9th and 99.97th). Its appropriateness is checked regularly against the actual loss distribution. Portfolio loss standard deviation is either based upon historical data or calculated using stand alone PDs, LGDs, their variance, and constant correlation assumptions. The latter are either directly derived from historical data by the institutions themselves, or obtained from consultants.

Another, more disaggregated approach involves (i) adopting a fixed form distribution for default events (e.g. : beta or gamma), calibrated on the observed average and standard deviation of default rates ; (ii) treating loss given default as a separate variable; and (iii) deriving a loss distribution, from which loss corresponding to the desired percentile can be extracted. The suitability of the distribution retained for PD is checked regularly against actual defaults. This process may be applied to the whole portfolio, or to different homogenous segments, treated as either independent (Creditrisk+ is an example of one such model) or correlated (using historical correlation data). 

These models present the following common characteristics : 


-
Book value based: no migration is included.

-
One year horizon: maturity is ignored, including for claims of a tenor superior to one year. 

-
LGD is generally a fixed variable, although at least one bank in this category calibrates a functional relationship between LGD and loan to value. LGD and default probability are treated as independent variables.

-
The model for default probabilities is descriptive in nature and makes no attempt to explain the economic causality of credit distress. 

-
The multipliers/ distributions retained are generally viewed as conservative. Conservatism also comes from the segmentation process (one sector models being conservative by definition).

A number of banks using descriptive models are in parallel seeking to develop causal models for default and/or LGD rates. 

c- Few institutions (1 out of 13) have established a direct causal relationship between default rates and macro-economic factors
. These factor based models, generally difficult to calibrate, allow banks to anticipate changes in default rates (and their distribution) due to macro-economic fluctuations and to model default correlation across portfolio segments. 

Similar causal relationships can be developed for LGD. For example, a co-dependency between LGD and default probabilities may be introduced by modelling loss given default using risk drivers identical to those (or at least some of those) retained for default rates. This is a particularly desirable feature for those classes of assets where a general downturn in the economy affects both default and loss rates (for instance via loan to value ratios).

Common features between descriptive and causal models include: valuation paradigm (book-value based), modelling horizon (one year), and the fact that none of the models actively used integrates maturity as a risk driver. 


Figure 2 : Breakdown of respondents by type of portfolio model used



(
 Model uses :

Banks use their portfolio models for economic capital allocation, credit risk mitigation and pricing purposes. Increasingly, independent portfolio management units are established in order to create and maintain the portfolio models, as well as design the risk mitigation policy.

6.2
 Specific issues 

The main challenges going forward for retail risk modellers revolve around the use of maturity as a risk driver and the related issue of valuation paradigm, the aggregation of retail and wholesale portfolio losses, and model validation.

(
 Maturity / valuation paradigm:

Four respondents stated their intention to introduce maturity as a risk factor. This would imply switching from an overwhelmingly accruals based valuation paradigm to marking to market/model. Most banks felt that if maturity impacted on economic capital for corporates, then it should also logically influence economic capital for medium to long term retail assets (mortgages, some consumer lending). However, maturity seemed to play a less notable role for retail than it did for corporates :

-For some banks, most of their retail assets had a maturity of one or less than one year;

-Even for long term lenders, there was wide recognition that a retail loan was much more likely to be repaid or renegotiated before contractual term, than a corporate loan would be. Contractual maturity was in this respect less relevant a parameter. 


-Default events were concentrated on the first years of existence of retail loans.

-Given that maturity was not used at present as a risk driver in retail portfolio models, it was difficult to evaluate its impact on economic capital, and eventually capital requirements, with any accuracy.

A number of respondents felt that for internal risk management purposes and when using a time horizon less than the maturity of the asset, portfolio modellers should aim to measure total changes in portfolio value, and not purely those variations owing to default
. This would involve taking account of credit quality migration, attrition rates, and any possible links between credit and interest rate risks. 

(
 Aggregation of retail and corporate portfolio losses :

Consumer loans are a stable, well diversified asset pool, hence have the ability to reduce the volatility of a bank’s total losses. Inter-portfolio diversification effects are material, and banks are increasingly attempting to produce balance sheet wide measures of risk, sometimes extending beyond the bank itself to other non-banking entities within the group, for instance insurance companies. Examples of methodologies used include the following : 

- Incorporation of segments of the retail portfolio as aggregate assets in a corporate portfolio modelling framework. 

- Estimation of global correlations between the retail and corporate portfolios and inference of total portfolio loss
. Correlations may be estimated using indexes representing the wholesale and retail sectors, or be based on internal loss time series. 

- Modelling losses on corporate and retail assets using some common risk drivers, notably the state of the macro-economy.
Of respondents, four are currently aggregating retail and wholesale losses.

(
 Validation :

Most respondents seek to test their models against actual losses. A majority have a history of losses going back at least five or six years. Some have sought to build longer default histories using market data (one of these goes back to 1900). Default events however remain sufficiently scarce to hamper comparisons between predicted and actual losses, but at relatively low percentiles (below 95th).

Benchmarking is also referred to as a common validation tool, Creditrisk+ or variants being the favoured reference model for this purpose.

Stress-testing and sensitivity analysis are not widespread, although an increasing number of institutions stress test their scoring systems (macro-economic downturns impact on obligors’ financial statements) and portfolio models concurrently. One of the benefits banks see in developing factor models is the explicit stress-testing platform these models deliver.

Re-sampling methodologies (testing actual versus predicted losses on a vast number of sample portfolios) are thought to be of value, although not one institution has taken active steps to implement them actively in a portfolio modelling context (re-sampling is used, however, to validate internal rating systems).

An overwhelming majority of respondents believe it easier to validate retail portfolio models than their corporate equivalents, principally because (i) default events are more frequent in retail portfolios, (ii) portfolios are more homogenous (less granularity) and stable through time, and ; (iii) longer loss time series are available. One institution notes however, that benchmarking is more difficult for retail, since no external default database (such as Moody’s or Standard and Poors’ for corporates) exists. Securitisation constitutes one of the means by which banks can obtain external quotes (from the rating agencies, and eventually, the market) on their retail portfolios and is perceived as a useful source of information.

7. Summary conclusions and recommendations
Based on the findings above, EBF and ISDA would like to suggest that the foundation and advanced IRB approaches for retail assets present the following common characteristics :

-Capital charges applied to retail assets should be lower than those retained for corporates, in order to reflect the higher degree of diversification present in retail portfolios.

-Although the capital vector provided at section 5 above is PD/LGD based, an EL/UL driven framework is probably used by a significant number of smaller institutions, and it is important that the regulatory framework is flexible enough to accommodate those. EBF and ISDA are willing to develop EL-based tables of economic capital should these be deemed useful by the Basel Committee.

We would also emphasize that the availability of data and long time series available for retail portfolios should enable a substantial number of firms to qualify for the advanced IRB approach. Although only a few firms currently validate their portfolio model outputs, we believe validation procedures can be developed for retail assets more easily than for corporates, given the greater number of default events observed. ISDA and EBF intend to invest further resources into investigating some of these validation procedures.

We hope that the information contained in this report, and particularly sections 3 and 5, will be useful to the regulators in calibrating the internal ratings based approach.

The June 1999 paper proposed a standardised approach to setting capital requirements based on external ratings. As far as retail portfolios are concerned, this external ratings based  approach might not be appropriate. External ratings generally apply to corporates, and the only way in which firms could obtain external ratings on retail portfolios, apart from securitising these assets (which would normally lead to capital relief) would be to obtain portfolio ratings from the rating agencies. 

This poses a crucial question : are regulators willing to recognise external portfolio ratings,  

which could then be used directly in the suggested standardised approach? If yes, what  requirements would be imposed on the rating process ? In particular, would the regulators recognise a tranching of the portfolio between different ratings, or would they only consider an average rating for the entire portfolio ? 

If not, it should be made explicit that retail assets will be treated entirely under the IRB approach, in order to reduce the incentive for regulatory arbitrage. 

Annex 1

EBF/ISDA Retail Risk Management Survey

Please note that the data submitted to ISDA/EBF will be kept in the strictest confidence. Survey findings will be anonymous. 

Responses should be e-mailed to Emmanuelle Sebton (esebton@isda-eur.org) and Simon Wills (simonwills@bba.org.uk) by 7 August at the latest. 

If you have any queries on any of the questions please contact one of the above.

1. Definition
To apply a differentiated approach to retail portfolios it will be necessary to identify these on a basis that is objective, effective and founded on material differences in risk profile. The following issues/questions arise:

· What factors should drive any definition of retail portfolio/s?

· Minimum nos. exposures

· No exposure exceeds a given proportion of portfolio total

· An absolute limit per exposure

· Homogenous product group

· Exposure to individuals as opposed to corporates

· Technical parameters, e.g. : portfolio volatility comprised within a pre-specified range

· Other 

· What portfolio differentiation is applied by your bank ?

Example :

· Mortgage

· Auto

- 
Cards

- 
Other unsecured retail

- 
Other secured retail

Please specify which type of assets fall under each differentiated category at your bank (e.g. auto includes auto leasing).

2. Stand alone loss forecasting
Work to date on the recognition and validation of internal rating methodologies has focused upon the corporate rather than retail/SME business. As noted above the IRB approach will be based on the following variables: PD, LGD, EL, EAD and perhaps maturity. The RPWG will need to consider how these factors can be valued for retail portfolio, the terms of inclusion and means of validation. The following issues/questions arise:

· On what loss concept is internal loss forecasting based?

- 
PD / LGD

· EL

· Delinquency (if differs from PD or EL)

- 
Other

* Please provide supporting internal definitions, including the definition of default used. Also indicate differences of approach by portfolio.

· Over what time horizon is PD, EL, LGD estimated?

· What loss forecasting methodology do firms operate? (if necessary differentiate by portfolio)?

· Historical loss rate

· Roll rate

· Transition matrix

· Application score

· Behaviour score

· Combination of the above (please note)

· Other

* Please provide as much detail as possible on the internal loss forecasting methodology. For example whether applied at a portfolio or account level?

· Are external economic conditions or other variables factored into the loss forecasting process? If so how?

· How is LGD estimated? Please describe :

· Paramaters taken into account [e.g. : LGD estimated by country, type of security, etc];

· Methodology followed, e.g. averaging observed LGDs over a given time period

· Average LGD numbers obtained for portfolios identified under 1 (e.g. : mortgages/auto, credit cards, etc), differentiating according to main parameters above.

· Is correlation between LGD and default probability accounted for ?

· Other points worth making

· How is EAD estimated for undrawn credit lines (e.g. : cards) ? Please provide :

· Paramaters taken into account [e.g. : EAD estimated by rating category, etc];

· Methodology followed, e.g. averaging observed EADs over a given time period

· Average EAD numbers, differentiating according to main parameters above (and portfolios as per 1 above, if relevant)

· Other points worth making

· Is there a periodic review process in place? If so how often?

· Does this process vary by portfolio and if so how?

· What validation methodology is utilised? Please indicate differences of approach by portfolio.

· Re-scoring

· Sampling

· Benchmarking

· Other

· Please provide as much detail as possible on the internal validation process and methodology. Indication of frequency of validation would be useful.

3. Provisioning

The relatively high level of expected loss associated with retail portfolio suggests that Basel may have a particular interest in ensuring that provisions are made to cover expected loss. In preparing to debate that issue the following issues/questions arise:

· Please specify whether general provisions are made in relation to expected loss on retail assets. How are these calculated (in particular, do they include margin ?)?

· How frequently are these reviewed and on what basis?

· If provisioning does not correspond to expected loss, what is it based upon ?

4. Economic capital

Basel has accepted that the relationship between expected and unexpected loss is not constant across all portfolios and in particular that retail books have a more stable loss profile than corporate assets. EBF/ISDA believe that the application of a single risk weighting matrix across the whole banking book would represent a serious dis-juncture between regulatory and economic capital for retail assets. EBF-ISDA, in order to substantiate their previous recommendation to the Basel Committee that different risk weights should apply for retail, need quantitative information on economic capital allocated against these assets. More specifically, we require that banks submit unexpected loss numbers in relation to their retail portfolios, under the standardised assumptions detailed below. 

· Assumptions:

· For each retail sub-portfolio (defined as follows : mortgages, auto, cards, other unsecured, other secured), exposures are split across buckets representing the main risk drivers :

· EDF or EL [please select the parameter you find more appropriate] EDF and EL are for a one year horizon.

· Maturity [if you believe is relevant]

· Loss given default [if relevant]

The bucketing schemes for EDF, EL and maturity are detailed in the reporting tables. The LGD bucketing scheme is provided below.

-
For each bucket, banks report the marginal contribution of the bucket’s exposures to global portfolio unexpected loss at 99.5th percentile ( i.e. 99.5% loss minus expected loss), or, if easier, the marginal contribution of exposures to portfolio volatility, indicating in this latter case which multiplier needs to apply to arrive at 99.5th percentile UL (and how the multiplier has been obtained). 

· These capital numbers are expressed as % of outstanding balance or, if an undrawn credit line, on the basis of 100% EAD. 

· For banks reporting on an EDF basis, LGD might be included in the regulatory capital calculations in one of two ways [please state which approach you have followed and why]: 

-pre-processed into the exposure. Under this approach, regulatory capital is equal to : Exposure (outstanding balance x EAD) x LGD x Unexpected Loss at 99.5th percentile. To avoid double counting of LGD, UL is calculated assuming 100% LGD.

-integrated into the capital numbers reported in the table. Regulatory capital then equals : Exposure x Unexpected loss at 99.5th percentile including LGD effect. For reporting purposes, we propose that respondents report their UL numbers by LGD bucket using the following scale :

0-10%


10-20%
20-30%
30-40%
40-50%
50-60%
60-70%
70-80%
80-90%
90-100%

5- Credit risk models

EBF/ISDA believes that it would be worthwhile to fully articulate the case for the recognition of credit risk models in other banking book portfolio, particularly retail, in the short term. The following issues/questions arise:

· What is the modelling horizon retained ? 

· What percentile on the loss distribution do you retain for setting economic capital ? 

· How is the percentile loss defined (multiple of loss standard deviation, effectively read from the distribution, implied conservatively by using Chebyshev inequality, other methodologies) ?

· How is the loss distribution obtained ? 

· If based on historical distribution (or standard deviation of loss), how do you ascertain whether the composition of the portfolio has remained stable ? 

· If based on some form of factor modelling, what are the key parameters (e.g. : default probability, LGD, maturity,…) ? Please provide a brief description of the methodology used.

· What are the outputs of your model?

- economic capital numbers

- marginal asset contributions

- other 

· How is the model used?

- pricing

- RAROC

- provisioning

- portfolio risk mitigation

- other

· How do you validate your model? 

- comparing with internal historical losses over time series x

- re-sampling techniques

- benchmarking

- other

· Is the validation of retail portfolio models easier than that of corporate portfolio models in your view ? Why ?

 Annex 3

GLOSSARY OF TERMS :

EAD : exposure at default 

EL : expected loss

IRB approach : internal ratings based approach to setting banks credit risk capital requirements

LGD : loss given default

PD : probability of default
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� It is worthwhile noting that disaggregating PD and LGD might facilitate the combination of retail and corporate loss measures


� A New Capital Adequacy Framework, Comments on a consultative paper issued by the Basel Committee, February 2000. 


� The European Banking Federation’s Response to the Basel Committee on Banking Supervision’s Consultative Paper, 1 March 2000.


� A useful description of probit and logit factor models can be found in “Applying Credit Risk Models to Retail Portfolios”, by Nisso Bucay and Dan Rosen (Algo Research Quarterly, Volume 3, No 1, March 2000)


� subject to necessary changes in tax, and accounting rules


� See for illustration “Integrating correlations” by Peter Bürgisser, Alexandre Kurth, Armin Wagner and Michael Wolf, Risk Magazine, Volume 12, No &, July 1999, or “The Customer Value Imperative”, by RMA and Oliver, Wyman and Company, 1999
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